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Abstract 
Language Assessment Literacy (LAL) has long been central to teachers’ 
professionalisation, yet the field has given relatively little attention to 
digitalisation. The rapid emergence of generative AI in language 
teaching and assessment now compels a reconceptualisation of teacher 
LAL to incorporate AI related knowledge, skills and ethical awareness. 
This paper maps key affordances—automated item generation, scalable 
scoring, and timely individualised feedback—alongside critical 
challenges including overreliance, academic integrity threats, bias, data 
protection and equity concerns. It argues that teachers require 
prompting skills, critical evaluation of AI output, understanding of 
automated scoring systems, and pedagogical strategies to redesign 
assessments, and that these competences must be embedded in initial 
and in service teacher education. Sustainable implementation demands 
coordinated action by policymakers, researchers, test developers, 
teacher educators and school leaders to provide localised frameworks, 
professional development, and time for practice. New conceptions of 
teacher LAL have to integrate a dynamic AI component, with AI literacy 
and related requirements representing a moving target and LAL levels 
being underdeveloped in many educational contexts. 
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Introduction1 
Language assessment has always been a vital part of language teaching for teachers, 
with feedback acting as a hinge between the two (Vogt, 2022). Language teachers 
                                                           
1 This paper is part of a special issue (2026, 13) entitled: Language Assessment Literacy in the New Era: 
New Concerns, Same Solutions?  edited by Hassan Mohebbi. 

http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/


Karin Vogt 

require the contextual principles, values and beliefs, knowledge and skills to assess 
learners’ language proficiency and related competencies in such a way that the 
assessment reflects the learners’ actual proficiency. This goal has been the driving 
force in Language Assessment Literacy (LAL) as a relatively young field of language 
testing and assessment. For teacher LAL in particular, it was also about closing the gap 
between teachers’ current LAL levels and the LAL-related competence profile that 
would enable teachers or other stakeholders to achieve this objective.  
 
Over the past decade, the conceptualisations of LAL have changed and have become 
more complex. From simple componential models (Davies, 2008), they have 
developed to become multidimensional with competence profiles (Pill & Harding, 
2013) that cater for various stakeholder groups (Taylor, 2013). While the components 
of LAL have diversified in terms of types of competences (Bøhn & Tsagari, 2021), and 
stakeholders (e.g. Villa Larenas, 2020, Villa Larenas & Brunfaut, 2024), they have also 
started to be empirically validated (e.g. Bøhn & Tsagari, 2021; Kremmel & Harding, 
2020).  
 
Although digitalisation has been relevant for language assessment contexts, the digital 
aspect of LAL has been neglected, with a few exceptions (e.g., Nayernia & Mohebbi, 
2023). However, the disruptions that the advent of accessible Artificial Intelligence 
(AI) tools, mostly generative AI chatbots based on Large Language Models (LLMs), 
has brought about have resulted in a keen research interest in the topic. Publications 
on (generative) AI and assessment have mushroomed (e.g., Hannah et al. (2023) on 
automated scoring; Ockey et al. (2023), on assessing interactional competence with 
AI; on AI-advanced language assessment in general, e.g., Xi, 2023). The perspective of 
test takers is taken into consideration (Jin & Fan, 2023; Zhang et al., 2023), and 
human and AI scorers are compared (Stewart et al., 2025). First reviews (e.g. O’Grady 
et al., 2026) and various special issues have been published or are in preparation (e.g. 
Language Assessment Quarterly, Studies in Language Assessment and Language 
Teaching Research Quarterly). Not only automated scoring, but also automated test 
item generation, adaptive algorithms or security measures like AI-based proctoring 
are used e.g., for standardised testing (Chuang & Yan, 2025). Despite the enormous 
interest and research activity in AI-related aspects of language assessment, 
deliberations on teacher LAL and the impact on AI applications on teacher LAL have 
remained scarce.  
 
The purpose of this reflective paper is to identify the affordances and challenges that 
language teachers are facing with regard to their assessment practices in an era of 
(generative) AI and to discuss their potential impact on key aspects that are crucial to 
teachers’ LAL development, for teacher LAL that is digital, AI-enhanced and future 
ready.  
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Affordances and Challenges for Language Teachers in the New Era of AI 
Language teachers have to navigate the changes in educational contexts that have been 
induced by AI and are still continuing to occur. Wu et al. (2025) designate the advent 
of generative AI tools as a new era for language education. Teachers in particular are 
affected by the transformative impact of AI technology both in their instructional 
decisions and in their assessment-related activities, as they design and manage 
learning environments for their learners. They are often involved in all phases of test 
development, from test design and administration to rating and scoring. 
 
Depending on the educational context, teachers’ expertise and LAL are required for 
classroom-based language assessment as well as high-states exams, often reflected in 
local assessment on a regional or national level (Dimova et al., 2022). Therefore, the 
focus of the current paper is on language teachers and the of audiences and challenges 
they are facing with regard to language assessment practices in a new era of generative 
AI although a variety of stakeholders is affected, such as educational authorities (Funa 
and Gabay, 2025), learners (Dilikitaş et al., 2024) and parents (e.g., Otermans et al., 
2024).  
 
By AI, Moorhouse (2024, p. 378 f.) understands “computer systems that use 
algorithms to imitate human intellectual abilities and skills and are capable of 
performing tasks that historically required human intelligence, e.g. recognizing 
speech, making decisions, and identifying patterns” (cf. also Ali et al., 2024). AI in 
education encompasses a broad range of applications such as intelligent tutoring 
systems (Zerkouk et al., 2025, automated writing evaluation (Vogt, 2025), AI chatbots 
and conversational agents (e.g. Kasneci et al., 2023) and other specialised tools like 
AI-assisted speech recognition (speech-to-text) tools that can function as assistive 
technology (Edyburn, 2020). AI literacy has also become a fuzzy term, so for now I 
would like to follow Chiu’s (2025, p. 3225) conceptualisation that goes beyond mere 
technical knowledge, but that “refers to a foundational conceptual understanding of 
AI [that] (…) focuses on knowledge, critical thinking, and ethical awareness rather 
than technical skill”. This is particularly important in the context of language 
education and touches on the competences involved in dealing with AI technology.  
 
Generative AI as a subfield of AI is understood as “(…) a class of AI systems designed 
to produce content – such as text, images, audio – by learning patterns and structures 
from large datasets” (Chuang & Yan, 2025, p. 2). Lee et al. (2025, p. 85) observe that 
genAI functions as an umbrella term, “encompassing pre-trained AI technologies 
including image, music and text generation tools”.  
 
In the context of this paper, classroom-based testing and assessment and local tests 
are relevant. Classroom-based language assessment, in this connection, is 
conceptualised as the type of information that does not only obtain information on 
learners’ attainment, but also learner progress (Lan & Fan, 2019). In order for 
language teachers to do this, LAL is necessary for teachers. A more recent definition 
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of LAL that has attempted to synthesise previous definitions is offered by Vogt et al. 
(2024, p. 1) as “the skills, knowledge, methods, techniques and principles needed by 
various stakeholders in language assessment to design and carry out effective 
assessment tasks and to make informed decisions based on assessment data”.  
 
While the empirical knowledge base on the use of genAI technology in education is 
being built from various perspectives such as learners, teachers and institutions and 
in various contexts of language education, the focus of this paper is on language 
teachers in secondary and post-secondary education who have to navigate the impact 
of genAI in their professional contexts, gauging affordances and challenges of genAI 
on their teaching and assessment practices. Again, while the diversity of various AI 
applications is rapidly increasing, I would like to focus on genAI tools, mostly based 
on Neurolinguistic Programming, a form of AI use that is typically found in chatbots. 
The chatbots used by teachers are often free versions of chatbots like ChatGPT, 
GoogleGemini, Microsoft Copilot, DeepSeek Anthropic’s Claude or Mistral,that use 
less powerful models, depending on their availability.  
 
The keen interest in genAI in education has brought about a rapidly growing body of 
literature, with conceptual pieces and empirical studies, on gen-AI-based practices in 
the language classroom (e.g., content creation, task design, feedback; Moorhouse, 
2024), perceptions of language teachers (e.g., Khabbazbashi et al., 2024) and an 
evaluation of the opportunities and challenges of genAI in general and language 
education (e.g., Kiryakova & Angelova, 2023; Ngyuen & Goto, 2024) in terms of 
understanding its impact. The intensive attention for genAI in (language) education 
can be gauged by the numerous special issues (e.g., Jang & Sawaki, 2025; Yan & 
Huang, 2025) in major journals on language teaching and assessment, as well as by an 
increasing number of scoping or systematic reviews (e.g., Ali et al., 2024; Huang et al., 
2022; O’Grady et al., 2026; Wang & Zou, 2025; Wang et al., 2024).  
 
For language education, research centres around the capabilities of genAI which are 
often perceived as opportunities for language teaching and learning in various ways. 
Scholars have identified the potential for personalised language instruction, due to the 
generation of individual tasks and materials (Perez Nuñez, 2023), the ability to 
provide detailed feedback at scale and in a short time (e.g., Muniandy & Selvanathan, 
2024) and the potential role of genAI-based chatbots as conversational and learning 
partners or as scaffold providers (Dikilitaş et al., 2024). The latter creates 
opportunities for individualised, flexible and on-demand practice opportunities in and 
exposure to the target language, which is usually English (e.g., Wang & Zou, 2025).  
 
The new opportunities for AI-generated individualised materials designed at scale can 
be extended to assessment. In the literature, three affordances are highlighted in 
relation to assessment, namely producing assessment materials and generating test 
items at scale, automated scoring and providing timely and individualised feedback 
(e.g., Mizumoto & Eguchi, 2023). All three are relevant for teachers, potentially 
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facilitating assessment in all phases of test development. A precondition is that 
teachers are empowered to harness genAI for these purposes, which involves a solid 
amount of LAL but also the ability to use genAI for these purposes. We will discuss 
this aspect in the following section. 
 
The challenges of genAI for language teachers brought up in the literature revolve 
around the same issues, namely 

• overreliance on genAI tools, both on the part of the learners and possibly on 
the teachers 

• academic integrity as a key concern 
• bias, equity and resulting problems for quality criteria of assessment like 

validity or reliability 
• data protection 
• copyright issues 

 
Many of the above aspects are related to ethics in generative AI, and can be seen as 
interrelated.   
 
Overreliance on genAI tools can be considered on various levels. On the level of 
learners uncritically taking over genAI-created content, the danger of reduced 
creativity and lack of critical thinking is implied, and the learning progress and 
competence development may be inhibited. For the language learning context, for 
example, Yan and Huang (2025) emphasise the danger of failing to interrogate AI 
suggestions for writing, with learners reducing self-editing and revision, thus 
jeopardising their competence in this area. Overreliance and subsequent uncritical 
practices in language learning, teaching and assessment are seen as an ethical 
challenge. 
 
Overreliance on genAI content is connected to hallucinations as inaccurate content. 
While hallucinations are being reduced due to technological progress, learners still 
have to be guided by teachers in developing an awareness around the trustworthiness 
of genAI content (Galaczi & Luckin, 2024), but language teachers need to develop a 
critical approach themselves, in particular when it comes to developing assessment 
items for exams in a co-assessment procedure, i.e. co-constructing the item with genAI 
technology. Adopting genAI feedback as whole texts gives rise to authorship concerns. 
The question whether a large amount of AI-generated text in an assignment can still 
be considered a learner’s own writing and can be assessed as such, touches on 
questions of validity and reliability. 
 
This question is connected to the issue of academic integrity as part of AI ethics. The 
language teachers surveyed by Khabbazbashi et al. (2024) mentioned cheating and 
plagiarism as their primary challenge. Similarly, Liu (2025) sees gen AI-involved 
plagiarism as a threat to educational assessment because it undermines the reliability 
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and validity of assessments. The findings of Liu’s interview study with seventeen 
higher education EFL teachers in China highlighted the negative impact of genAI that 
teachers perceived, related to increased genAI induced plagiarism and the difficulty of 
detecting and dealing with it. They consequently saw assessment validity and fairness 
as potentially compromised (p. 719). As a coping strategy, they identified clear 
guidelines on AI use by educational institutions to provide guidance and support to 
teachers. Additionally, despite its limitations, AI detection software was considered to 
be a useful part of a variety of approaches against AI-involved plagiarism although it 
is often false positive and can never be fully accurate as technology advances more 
quickly than the detection software. Another coping strategy that Liu identified in the 
data was redesigning assessments, either in a way that limits the use of AI or in a 
fashion that would involve assessment of multiple practical skills like projects or 
alternative, formative-leaning assessment methods. The former might have 
repercussions on assessment authenticity as a quality criterion of assessment, but it 
might also deprive students of opportunities of meaningful learning with AI. The latter 
requires LAL on the part of the teachers in an area that has been found to be 
underdeveloped (e.g., Vogt et al., 2020).  
 
Bias as part of AI ethics has received increasing attention as a potential challenge of 
genAI and language teaching and assessment on various levels. Training data for AI 
applications may be biased in terms of gender, new cultural or linguistic stereotypes, 
and risk perpetuating them in biased output and mainstream norms that reinforce 
societal inequities and undermine social and/or linguistic justice (Lee et al., 2025). For 
language education, AI models privileging certain linguistic varieties over others 
constitute a problem e.g., for acknowledging and valuing diverse varieties of English 
and for multilingual approaches to language teaching and assessment.  
 
Bias in AI-generated assessment content is an equity, diversity and inclusion issue and 
thus seriously impacts assessment quality. In addition, transparency concerns might 
be raised by different AI model architectures and training procedures that involve deep 
learning techniques known as black box (Chuang & Yan, 2025). Although explainable 
AI has met with increasing interest to mitigate the transparency issue, quality control 
processes concerning, for example, generalising assessment items or automatic 
scoring cannot be fully made transparent and might represent an ethical issue.  
 
Lastly, differential socio-economic factors determine access to genAI tools in general 
and thus widen the digital divide or they create inequalities when some learners have 
access to free genAI tools only and others to more powerful, paid versions, resulting in 
an unfair advantage of better equipped learners. This does not only represent an equity 
issue, but also a validity issue which might compromise assessment (Muniandy & 
Selvanathan, 2024) due to construct irrelevance.  
 
Copyright issues, in particular concerning output and training data use, and data 
protection are further challenges to genAI use. Particularly in language assessment, 
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uploading potentially sensitive learner data for automated scoring might break data 
protection regulation, especially if free AI versions are used that use the data for 
further training. To mitigate this issue, APIs have been implemented as solutions, but 
in the classroom setting, this requires technological knowledge on the part of the 
teachers. 
The requirements that teachers are faced with assessment in the era of AI and the 
question whether teachers can cope will be broached in the next section. 
 
Requirements for Teachers and the Need for AI-Integrate Teacher LAL 
New opportunities regarding genAI -related assessment, generating assessment items 
at scale, automated scoring and automated, detailed and timely feedback on student 
work, leads to new assessment-related competences. Language teachers have to 
acquire these competences if  they want to navigate AI-driven educational landscapes, 
educational language assessment included. Being “AI-ready” is crucial in order to 
optimise the use of genAI in their work (Galaczi & Luckin, 2024, p. 9) and language 
assessment. Being “AI-ready”requires  

• professional knowledge and teacher agency,  
• the human (teacher) in the loop during the entire process of assessment 

development that includes being able to generate assessment -related 
content and assessment items with specific prompts,  

• a critical evaluation of  genAI created output and based on the output, 
• instructional decisions that embed output in teaching or assessment in line 

with curricular requirements. 
 
The requirements for gen AI-related competences in the literature can be classified 
into specific and general requirements, which are interrelated. In terms of specific 
requirements, developing prompting skills for language teachers is key, both for 
teaching and assessment (Moorhouse, 2024). For integrating AI generated feedback 
into teacher feedback, Chuang and Yan (2025) have identified relevant preconditions, 
namely language educators providing relevant instructions such as feedback criteria 
and written texts to the gen AI tool, carefully reviewing the AI-generated output and 
adapting and modifying the feedback in accordance with learners’ needs. For 
automated scoring, language teachers ideally understand the data sources behind 
scoring models and monitor the AI scoring outcomes for errors, construct-irrelevant 
variants, potential bias and data protection as well as privacy issues (e.g., Sawaki et al., 
2025). By extension, they have to gauge the quality of genAI-generated language 
assessment items and assessment types in terms of reliability, validity and fairness as 
quality criteria. In order to safeguard academic integrity, language teachers have to 
develop coping strategies such as redesigning assessments (Liu, 2025). They 
consequently require assessment competences to select and evaluate assessment 
types, gauge the potential of affordances and challenges with regard to academic 
integrity. In addition, language teachers need to recognise and mitigate bias in AI-
generated output to be used for language assessment. On a more general level, 
language teachers face the need to integrate AI applications into language learning, 
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teaching and assessment and thus have to position AI as a part of their expertise (Wu 
et al., 2025). With regard to language assessment, they have to be empowered to 
integrate gen AI -assisted assessment tasks with learning on the basis of the critical 
thinking skills and their capacity to critically evaluate the trustworthiness of AI output. 
Including an AI component in teacher education programmes, is seen as a logical 
consequence (Wu et al., 2025). The findings of the language teacher survey by 
Khabbazbashi et al. (2024) concerning teachers’ self-reported training needs revolve 
around similar aspects, namely general training on teaching learners how to use AI, 
technology-related training, ensuring academic integrity, and effective prompting 
strategies.  
 
The aforementioned aspects are grouped in the literature under AI literacy although 
the concept of AI literacy differs with various authors. Liu (2025) proposes a skills-
based approach with AI literacy comprising a) basic knowledge of the working 
mechanism of AI tools, the functions, limitations and AI ethics and b) skills and 
effectively using the AI functions in different learning scenarios. Wu et al. (2025) take 
a more holistic approach and integrate ethics in ethical AI literacy. Ethical AI literacy 
comprises technical proficiency, critical thinking, ethical awareness as well as identity 
negotiation. Zhu and Wang (2025) add aspects such as staying informed about latest 
developments as a requirement for teachers in the generative AI era, although it is 
questionable how realistic this is for teachers who usually have heavy workloads. 
Pérez-Paredos et al. (2025) suggest critical AI literacy for students of applied 
linguistics, future language teachers included. 
 
Focusing on language assessment, the need for integrating AI literacy into the concept 
of LAL is apparent. Existing LAL competence profiles need to be enhanced by 
knowledge, practices and skills, principles and attitudes related to gen AI and language 
assessment. First ideas to conceptually combine LAL and AI literacy have been 
suggested e.g. by Xu (2024), whose knowledge-based concept of AI assessment literacy 
could be developed further. Xu‘s model of AI assessment literacy consists of 
conceptual knowledge, practical knowledge and technical knowledge. Conceptual 
knowledge refers to an understanding of assessment principles and theories 
intersecting with AI theory; practical knowledge concerns hands-on experience in 
using AI; and technical knowledge involves understanding AI models and how genAI 
applications work from a technical perspective. This model represents an appropriate 
first step because it effectively merges LAL and AI literacy but could be differentiated 
further. 
 
In summary, new conceptions of teacher LAL have to integrate a dynamic AI 
component, with AI literacy and related requirements representing a moving target 
and LAL levels being underdeveloped in many educational contexts (Vogt et al., 2020). 
In this regard, the question whether teachers can keep up with the rapid development 
of gen AI permeating language teaching and, in particular, assessment, has to be 
raised. In light of the dynamic change and disruption that gen AI technology is causing, 
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language teachers cannot be left alone to navigate AI-driven educational landscapes. 
They can only keep up if they experience a joint effort of policymakers, researchers, 
test developers, teacher educators and teachers themselves. These stakeholdersneed 
need to pool their expertise to provide a support system for language teachers 
concerning AI-integrated LAL development. 
 
Policymakers on various levels as well as educational authorities have to guide 
teachers on AI in language assessment by providing clear policies on AI use and 
language assessment. AI literacy components relevant to language teachers in the 
respective contexts have to be included in teacher education programs and 
professional development initiatives. Educational authorities and leadership bodies at 
schools have to provide opportunities and grant teachers time to develop the AI-
integrated LAL that capitalises on teacher agency. Professional development 
initiatives are to empower language teachers by providing them with flexible upscaling 
options that take into consideration the dynamic development of the field and that do 
not only target technical developments, but also pedagogical implementation, 
including broader questions of equity, diversity and inclusion. In addition, 
policymakers have to take responsibility for tailoring and localising global frameworks 
like the UNESCO AI competency framework for teachers (2024) in order to be 
meaningful and relevant to language teachers, thus increasing the chance of being 
implemented. 
 
Researchers are called on to continue to build the empirical knowledge base related to 
gen AI involved language assessment, including validity and reliability and fairness 
related questions of gen AI-enhanced language assessment. Additionally, conceptual 
work is needed to identify the tenets of AI literacy as part of LAL that is relevant to 
language teachers and integrate them into assessment and learning tasks, striving for 
an alignment of learning, teaching and assessment. Researchers should also approach 
teacher educators as another key stakeholder group and share their insights, for 
example at (teacher) conferences and organise events such as SIG meetings, explicitly 
addressing this group. 
 
Test developing companies have heavily invested in AI-based assessment systems and 
associated quality control systems (Chuang & Yan, 2025). Proprietary research by test 
developers is not always publicly accessible. In line with the initiative of open science 
in language assessment (Kremmel & Isbell, 2024), it would be beneficial if relevant 
insights for language teachers could be shared, thus increasing accessibility of the 
empirical knowledge base related to quality control questions in large-scale 
assessment that could be transferred or adapted to CBLA contexts. 
 
And finally, teachers themselves can be invited to share experiences, discuss critical 
issues and co-construct AI-involved assessment. Online communities of practice allow 
flexible and dynamic exchange among teachers that are independent of time and place 
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(Göktürk Sağlam & Sevgi-Sölé, 2023), provided that teachers obtain the time 
resources necessary for this type of informal professional development. 
 
The overall goal is to provide language teachers with solid support structures that help 
them to meet the new requirements induced by AI-related disruptions in language 
assessment, on the basis of a solid LAL basis. 

 
Conclusion and Way Forward 
In the present article, I have discussed the affordances and challenges of AI-involved 
language assessment that language teachers are confronted with in a situation of 
dynamic change in language assessment landscapes. The various requirements made 
on language teachers’ professionalism have been presented and related to teachers’ AI 
literacy  on the one hand and  LAL on the other hand. Against the background of the 
manifold requirements, the need for AI-integrated teacher LAL development was 
highlighted. In order to avoid teachers bearing the full brunt of the new LAL/AI 
professional development needs, the tenets of a multi-professional support system for 
language teachers were suggested to help teachers keep up. 
 
Further conceptual work on LAL heuristics that includes AI technology and its 
implementation in teacher-led language assessment is required as a research direction 
that would integrate the two concepts. Xu’s (2024) model of AI assessment literacy 
represents a step towards AI-integrated LAL heuristics that serve the needs of 
language teachers in the era of AI. 
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