JBSO, 2025 (14); 50-60
https://doi.org/10.32038/JBS0.2025.14.04

INTERNATIONAL JOURNAL OF
BEHAVIOR STUDIES IN ORGANIZATIONS

Cognitive Machines and Cultural Shifts:
How Al Redefines Organizational
Development and Consulting Practice

Joshua Scoggin

Global Academy of Finance and Management, Colorado, USA

Received: 08 November 2025 Revised: 10 December 2025 Accepted: 10 December 2025

ABSTRACT

This paper examines the transformative impact of Artificial Intelligence (AI) on individual cognition,
organizational culture, and the evolving dynamics of trust within hybrid human—machine systems.
Building on recent research, it argues that Al reshapes not only how individuals think and make decisions
but also how organizations define collaboration, ethics, and cultural norms. Drawing on insights from
Aakula et al. (2024), Pawar and Shah (2024), Russell et al. (2025), Choi (2025), and Erengin et al. (2024),
the paper positions Al as both a cognitive and relational actor that reconfigures the foundations of
Organizational Development (OD) and consulting practice. Through a synthesis of literature and
conceptual analysis, it highlights how Al-driven transformation calls for new approaches to leadership,
change management, and ethical governance—especially concerning trust, mediation, and human—AI

collaboration.
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Artificial Intelligence (AI) has become a defining force in how people think, collaborate, and
work. Beyond automation, Al systems now influence organizational identity, culture, and
collective learning. Aakula et al. (2024) note that Al-enabled digital transformation is shifting
organizations from hierarchical to data-driven and adaptive systems. This shift goes beyond
efficiency—it entails a deeper cultural realignment toward agility, transparency, and continuous
learning. Similarly, Pawar and Shah (2024) show that Al integration has redefined
communication, collaboration, and values, fostering innovation-oriented cultures. Russell et al.
(2025) add that AI’s cognitive effects vary by task type: it enhances performance in structured
tasks but increases cognitive strain in subjective or reflective work. In this evolving context,
Organizational Development (OD) and consulting practices must adapt to a world in which
human and machine cognition co-evolve.

Al does not merely automate managerial processes; it co-evolves with human intelligence,
forming a synergistic partnership that reshapes how organizations plan, decide, and lead (Islami
& Mulolli, 2024). This relationship represents augmentation rather than substitution—an
expansion of human capabilities where cognitive, emotional, and creative intelligences
intersect. As Islami and Mulolli (2024) argue, managerial effectiveness increasingly depends
on balancing automation with augmentation—using Al not as a replacement for human agency
but as a cognitive collaborator that enhances it. From this perspective, Organizational
Development (OD) becomes the orchestration of symbiotic intelligence systems—human and
machine—driving collective learning and cultural renewal.

Recent problematizing reviews have challenged traditional organizational and management
theories of Al. Ramaul et al. (2025) argue that prevailing discourses often rely on two
assumptions: rationality—seeing Al as a Dbias-free, hyper-logical agent—and
anthropomorphism—treating Al as a humanlike actor capable of learning, agency, and
creativity. While these metaphors are useful, they risk oversimplifying the socio-material
entanglement of humans, algorithms, and data. By contrast, this paper adopts a symbiotic
perspective, viewing Al not as a purely rational machine or quasi-human actor but as a
relational partner in organizational sensemaking (Ramaul et al., 2025).

Recent theoretical work also emphasizes AI’s influence on meaning-making within
organizations. Yaroglu (2024), drawing on the hermeneutic cycle, argues that organizational
culture evolves as members continuously interpret and reinterpret AI’s presence and outputs—
creating an ongoing feedback loop between human understanding and technological mediation.

Machines as Cultural Agents
Recent scholarship has expanded the understanding of AI by exploring how it promotes

adaptive learning across digital ecosystems. Munir et al. (2022) show that machine learning
algorithms personalize instruction, predict engagement, and enhance collective learning
outcomes in digital education. These same mechanisms apply to organizational contexts, where
Al facilitates knowledge diffusion, collaboration, and performance optimization. Thus, Al not
only mediates meaning but also operationalizes distributed learning among human and
technological actors.

Insights from educational and collaborative contexts further enrich this view. Law et al.
(2025) examined how Generative Al (GAI) supports interdisciplinary teamwork and problem-
solving in authentic, real-world settings. Their findings reveal that GAI functions not merely
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as a computational tool but as a co-creative partner that extends human cognition and supports
joint knowledge construction. In teams with strong digital competence and shared values, GAI
mediated communication, creativity, and innovation—highlighting the relational and cultural
dimensions of human—AlI collaboration. These insights align with this paper’s framing of Al as
a cultural agent that both shapes and is shaped by collective learning processes (Law et al.,
2025).

Al systems increasingly act as cultural participants within organizations. Through natural
language processing, predictive analytics, and emotional Al, machines now influence tone,
decision-making, and psychological safety. Vicci (2024) explains that emotionally intelligent
Al can perceive human affect, facilitating empathetic communication and improving
engagement. Russell et al. (2025) emphasize that AI’s cognitive effects are task-dependent:
while it reduces workload in objective contexts, it can heighten strain during subjective or
interpretive work. These findings suggest that Al enhances procedural precision yet struggles
with meaning-making and empathy—the very foundations of organizational culture.
Consequently, Al functions as both a technological and cultural entity, mediating behavior,
ethics, and identity across organizational levels.

Yaroglu (2024), working within a hermeneutic framework, contends that Al systems engage
in organizational meaning-making without possessing subjective or phenomenological
experience. While Al contributes through data analysis and pattern recognition, genuine
understanding and sensemaking remain human responsibilities. Machines can therefore
mediate organizational meaning but cannot generate it independently.

Building on this interpretive stance, HofBbach and Isaksen (2025) advance a metacognitive
model of Al-augmented creative problem-solving, showing how generative Al shifts human
cognition from execution toward monitoring and reflective control. In this model, creativity
becomes a shared process in which humans oversee, adapt, and refine Al-generated ideas. This
metacognitive reframing positions Al not merely as a creative collaborator but as a catalyst for
meta-learning—transforming how individuals think about thinking and redefining cycles of
collective innovation (HoBbach & Isaksen, 2025).

Beyond cognition and emotion, Al also functions as a creative collaborator. Grilli and Pedota
(2023) demonstrate that Al enhances creativity across individual, group, and organizational
levels by expanding informational boundaries, supporting divergent and convergent thinking,
and aiding idea generation. Their multilevel model shows that Al systems reduce bounded
rationality and enable new forms of creative synthesis—an essential feature of knowledge-
based organizations. Thus, Al not only mediates cultural meaning (Yaroglu, 2024) but also
participates in creative enactment, co-producing insights once considered uniquely human.

Grange et al. (2025) advance the idea of the Human—GenAlI Value Loop, a framework that
illustrates how generative Al can drive human-centered innovation through iterative cycles of
co-creation and reflection. Grounded in design sprint methodology, their research shows that
GenAl enhances collaborative intelligence by complementing human divergent thinking with
Al-driven convergence—clarifying and organizing ideas within innovation teams. This
dynamic demonstrates how Al operationalizes cognitive augmentation as an adaptive learning
mechanism within organizations, reinforcing its role as both a cultural and cognitive
collaborator.
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In parallel, Eicke et al. (2025) highlight the importance of strategic Al orientation—the
extent to which managerial focus and strategic intent align around Al technologies. Their
mixed-methods analysis of S&P 500 firms found that organizations with a strong Al orientation
achieved higher technological innovation and cross-domain learning. This finding underscores
leadership’s critical role in fostering an intentional Al strategy that integrates governance,
capability development, and ethical alignment. From an Organizational Development (OD)
standpoint, strategic Al orientation translates the abstract idea of human—AlI symbiosis into
concrete managerial practice, linking cognitive collaboration with innovation outcomes (Eicke
et al., 2025).

Transforming Organizational Culture
Insights from Munir et al. (2022) and Stelmaszak et al. (2025) together reveal that Al-driven

transformation operates simultaneously on cognitive and relational levels. Munir et al. (2022)
highlight how machine learning fosters individualized and collective learning, while
Stelmaszak et al. (2025) emphasize AI’s role as a relational, organizing capability that redefines
how human and algorithmic actors co-create meaning and structure. Taken together, these
findings bridge empirical and conceptual perspectives, demonstrating that Al-induced cultural
change emerges through co-evolutionary learning and dynamic relational systems.

Evidence from organizational practice reinforces this trajectory. Rozman et al. (2023) found
that Al-supported leadership and training initiatives significantly enhance employee
motivation, collaboration, and overall performance. Their study shows that cultivating Al
literacy and adaptive learning strengthens psychological engagement, agility, and resilience
within teams. For Organizational Development (OD) practitioners, this means addressing not
only the cognitive and ethical implications of Al but also the emotional and developmental
dimensions that sustain engagement in hybrid human—machine ecosystems. Effective Al-
driven transformation, therefore, must be guided by leadership that promotes inclusive learning
and data-informed empowerment across the workforce.

Comparable patterns can be observed in educational contexts. Chang (2025) demonstrates
that students using generative Al tools such as ChatGPT and Copilot show improved
motivation, collaboration, and autonomous learning. These outcomes parallel organizational
dynamics in which generative Al enhances teamwork, feedback, and collective problem-
solving. Chang’s findings highlight AI’s dual role as cognitive infrastructure and cultural
catalyst—reshaping how humans learn, cooperate, and innovate together.

Pawar and Shah (2024) emphasize that Al integration reshapes the “cultural DNA” of
organizations by fostering openness, innovation, and accountability. In a related vein, Aakula
et al. (2024) argue that Al decentralizes authority, distributing intelligence across systems and
teams. Yet, as Russell et al. (2025) caution, not all processes are equally suited for Al
augmentation. Tasks involving ethical deliberation, interpretation, or interpersonal negotiation
may experience limited benefits—or even cognitive overload—when automated. Thus, a
balanced organizational culture must leverage Al for operational efficiency while preserving
human judgment, empathy, and narrative coherence.

Yaroglu (2024) extends this discussion by showing how transformation unfolds cyclically:
Al reshapes organizational norms and practices, while employees reinterpret these changes
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through a hermeneutic cycle. This ongoing interpretive process redefines shared understanding
and reinforces culture as a living, adaptive system rather than a static construct.

Further synthesis emerges when Islami and Mulolli’s (2024) framework of human—Al
symbiosis is combined with Grilli and Pedota’s (2023) multilevel creativity model. Together,
they suggest that cultural transformation evolves through intertwined processes of
augmentation and creation. The symbiotic interaction between human and artificial intelligence
enables adaptive learning cycles in which analytical precision and creative exploration
reinforce each other. Organizations that cultivate this hybrid intelligence—anchored in
empathy, ethics, and innovation—develop greater absorptive capacity (Grilli & Pedota, 2023),
allowing them to assimilate and apply new knowledge dynamically. The cultural challenge is
therefore not merely adopting Al but interpreting it—translating machine-generated insights
into shared organizational meaning (Yaroglu, 2024).

Van Giffen et al. (2025) document Siemens’ five-year effort to integrate Al into lean quality
management, revealing tensions between human-driven and Al-driven processes—control
versus discovery, transparency versus opacity. Their findings show that Al adoption challenges
deeply ingrained values of predictability and oversight, requiring intentional cultural mediation
and leadership engagement. This underscores the need for culture to evolve alongside
technological sophistication, balancing efficiency with interpretability and human agency.

Smith et al. (2024) apply signaling theory to human—Al collaboration, demonstrating that
successful teamwork depends on the alignment of signals between human and Al participants
and on the autonomy employees have in seeking Al input. When employees voluntarily consult
Al—rather than being required to follow its recommendations—they show greater trust and
collaboration. This supports viewing Al not as an authority but as a partner in organizational
sensemaking and decision-making. In OD practice, this suggests that consultants and leaders
should design Al-augmented systems that preserve human agency while enhancing collective
competence.

Humberd and Latham (2025) use an agency theory lens to propose that Al can act as an
“agent of the firm.” As Al gains autonomy and decision rights, it introduces new challenges of
alignment, oversight, and ethical governance. Their agentic Al model reframes managers as
stewards of relationships with both human and nonhuman agents, responsible for embedding
accountability and value alignment into Al systems.

Taken together with these perspectives, Braojos et al. (2024) highlight that digital
transformation capabilities influence not only structure and strategy but also employee
commitment and motivation. Their study underscores the mediating role of digital leadership
and continuous learning environments in fostering commitment. Collectively, these findings
suggest that organizations thriving in Al-driven transformation cultivate cultures of learning,
empowerment, and inclusion—conditions that sustain long-term adaptability and engagement.

Trust Formation in Human—AI Systems
Siemon et al. (2025) deepen the analysis of human—AlI collaboration by examining how social

presence and perceived agency influence trust, engagement, and motivation in hybrid teams.
Drawing on Social Presence Theory (SPT) and the Theory of Planned Behavior (TPB), they
find that employees’ willingness to rely on Al partners depends not only on task performance
but also on perceived authenticity, familiarity, and social connectedness. These findings
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emphasize that organizational trust in Al is not merely technical—it is a socio-relational
process shaped by perception, interaction, and shared purpose. Designing Al systems and
consulting practices that foster presence, empathy, and collaborative intent across digital and
physical boundaries is therefore essential for sustainable human—Al partnerships.

Choi (2025) highlights the central role of trust in Al adoption, showing that clients’
acceptance of Al-assisted mediation depends on performance expectancy, perceived
usefulness, and confidence in the ethical use of Al. Using the Unified Theory of Acceptance
and Use of Technology (UTAUT), Choi demonstrates that behavioral intentions toward Al
adoption are mediated by trust, highlighting the importance of technological integration that
aligns with principles of ethical and procedural justice. Similarly, within organizations,
employees’ willingness to engage with Al depends not solely on efficiency but on
psychological safety and perceived fairness.

Erengin et al. (2024) add a social dimension to this discussion by introducing the concept of
third-party trust transfer to explain how trust develops in Al-augmented teams. Drawing on
Social Cognitive Theory (Bandura, 1986), they show that employees’ trust in Al is influenced
by the behavior and perceived trustworthiness of their human teammates. This triadic trust
model—linking the human trustor, the AI trustee, and the surrounding social context—
illustrates how cultural norms and interpersonal observation shape trust formation in hybrid
work environments. Their research suggests that organizations must foster cultures where
employees regularly observe positive, cooperative human—AlI collaboration, normalizing Al as
a trustworthy teammate rather than a detached instrument.

Viewed collectively, these perspectives highlight that Organizational Development (OD)
must approach Al adoption as a relational and socio-cognitive process. Consultants and leaders
should design systems that not only optimize Al performance but also nurture mutual trust,
ethical reflection, and human agency. In this sense, trust formation becomes both a
psychological and cultural bridge—enabling organizations to navigate Al transformation with
integrity, empathy, and shared understanding.

Reframing Managerial Roles
Stelmaszak et al. (2025) argue that Al should be viewed not as an autonomous entity but as an

organizing capability that emerges through interactions among human and algorithmic actors.
This relational framing redefines leadership and consulting as co-creative practices that
generate organizational intelligence through connection, interdependence, and emergence—
key attributes of Al-driven collaboration.

In this vein, Grange et al. (2025) present the Human—GenAl Value Loop, which
demonstrates that sustainable innovation arises when human creativity and machine
intelligence are continually interwoven through cycles of trust, experimentation, and
interpretation. Embedding these value loops into Organizational Development (OD) practice
allows leaders to cultivate environments that balance automation with autonomy—positioning
Al as a facilitator of co-creation rather than a substitute for human insight.

Taken together, these developments signal a shift in managerial roles from directive
leadership to facilitative, emotionally intelligent engagement. Vicci (2024) observes that
emotional intelligence—long regarded as a uniquely human capacity—can now be augmented
by Al tools capable of detecting stress and mood patterns. Russell et al. (2025) similarly note
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that AI’s cognitive benefits vary depending on task subjectivity. Managers who recognize these
nuances can design workflows that delegate analytical tasks to Al while reserving creative and
interpretive work for human teams. This division of cognitive labor reinforces emotional
intelligence as a core managerial competency in hybrid organizations, ensuring that empathy
and ethics remain central to leadership practice.

Building on Erengin et al.’s (2024) emphasis on trust as a socially mediated process, Yaroglu
(2024) highlights the manager’s role as a cultural interpreter. Leaders mediate between human
meaning systems and Al-driven analytics, ensuring that data-informed decisions remain
aligned with organizational values and interpretive traditions. Modern leadership thus involves
navigating the interface between artificial and human intelligence across all management
functions—planning, organizing, leading, and controlling.

Echoing Choi’s (2025) focus on ethical accountability in Al adoption, Islami and Mulolli
(2024) argue that effective managers treat Al as a symbiotic partner that extends human
cognition while maintaining ethical responsibility. In practice, this means designing workflows
in which automation handles structured information and human judgment governs the
contextual and creative dimensions. Collectively, these insights portray managers evolving
from directive authorities into curators of hybrid intelligence, mediating between algorithmic
precision and cultural empathy. Leadership becomes interpretive stewardship—translating Al-
driven insights into meaning-aligned, value-consistent organizational decisions.

Consultants in the Age of Al
Organizational Development (OD) consultants are navigating a profound paradigm shift as Al

becomes both a technological and socio-cultural force. According to Aakula et al. (2024),
successful digital transformation requires consultants to integrate strategy, ethics, and data
governance into a unified framework. Pawar and Shah (2024) further emphasize the importance
of cultivating organizational cultures that embrace innovation, inclusion, and accountability. In
line with Russell et al. (2025), consultants must also evaluate AI’s applicability through the
lens of task complexity and subjectivity. While Al can streamline diagnostic and analytical
processes, it remains limited in guiding reflection, ethics, or organizational storytelling.
Consequently, OD practitioners must combine algorithmic insight with human empathy and
ethical discernment.

Building on Yaroglu’s (2024) hermeneutic model, consultants should approach Al
integration as an interpretive and meaning-making process rather than a purely technical
implementation. Their role is to help organizations translate algorithmic insights into narratives
that align with their culture and values. This human-centered approach resonates with Braojos
et al. (2024), who demonstrate that effective digital transformation depends on leadership and
learning mechanisms that sustain commitment. For consultants, this translates into designing
interventions that go beyond technology deployment toward fostering continuous learning
environments.

In practice, this means consultants play a crucial role in facilitating digital literacy,
inclusivity, and engagement across organizational hierarchies. They are responsible for
embedding transformation as a participatory, developmental process rather than a top-down
initiative. The most effective consultants will, therefore, act not as implementers of technology
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but as interpreters and facilitators of organizational understanding—helping leaders and teams
adapt ethically and creatively within Al-augmented systems.

Conflict Management and Team Building
Al technologies are increasingly enhancing conflict management by detecting sentiment

patterns and predicting potential interpersonal friction. Vicci (2024) highlights that emotionally
aware Al systems can help leaders and consultants address stress, burnout, and communication
breakdowns proactively. By leveraging sentiment analysis and team analytics, organizations
can increase transparency and responsiveness. However, human oversight remains
indispensable. The goal is not to replace empathy with algorithms but to amplify it. When used
ethically, Al tools can reinforce psychological safety, inclusivity, and team performance.

Integrating insights from Humberd and Latham (2025) and Van Giffen et al. (2025) shows
that the relationship between Al and organizations is both structural and cultural. As Al
assumes greater autonomy in decision-making, governance systems must ensure transparency,
ethical integrity, and alignment with organizational values. Siemens’ five-year Al integration
initiative, for example, revealed that technological innovation must be reconciled with cultural
values that sustain trust and engagement. Successful adoption depends not merely on technical
capability but on deliberate cultural mediation and leadership involvement.

Recent theoretical developments further link Al-enabled cognition to structured learning
mechanisms. Gibson et al. (2023) propose a unified three-level model of learning—micro
(individual), meso (team), and macro (organizational)—that illustrates how Al facilitates
distributed intelligence across scales. Their framework positions Al as a mediating agent in
learning processes, supporting exploration, feedback, and adaptation—hallmarks of effective
organizational development. This perspective aligns with the view of Al as a co-creator of
meaning within organizations, shaping how teams interpret information and translate insights
into cultural transformation.

Drawing on Choi’s (2025) emphasis on ethical accountability and Erengin et al.’s (2024)
focus on trust as socially mediated, Kirchner et al. (2025) apply the Technology—Organization—
Environment (TOE) framework to show how generative Al simultaneously functions as a
facilitator and disruptor of organizational learning. Their study reveals that while Al increases
efficiency and knowledge sharing, it can also challenge human agency, trust, and interpretive
coherence. Within OD and consulting contexts, these findings highlight the need for ethical
governance and hybrid leadership models that preserve human interpretive control over
Al-generated knowledge.

Conclusion
The emerging literature on artificial intelligence across organizational and educational contexts

underscores the necessity of viewing Al as both a collaborative and organizing force. Munir et
al. (2022) empirically demonstrate how Al augments human learning, while Stelmaszak et al.
(2025) conceptualize Al as a connective and co-dependent capability. Together, these
perspectives suggest that Organizational Development (OD) and consulting practices must
evolve toward fostering symbiotic intelligence systems that integrate human creativity with
algorithmic adaptability—cultivating a future of shared organizational agency.
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Artificial intelligence is therefore more than a technological advancement; it is a cultural
and cognitive force redefining how organizations function. As intelligent systems evolve, they
transform leadership, collaboration, and consulting practice. Successful integration requires the
synthesis of emotional intelligence, ethics, and data literacy. The future of OD will depend on
hybrid intelligence—where human empathy meets machine precision—and on leadership that
values ethical stewardship, inclusivity, and continuous learning as foundations of thriving Al-
enhanced cultures. Yaroglu’s (2024) hermeneutic framework reinforces that human—Al
collaboration is inherently interpretive: organizational meaning evolves through continuous
interaction between technological mediation and human reflection. This process sustains
ethical, inclusive, and adaptive cultures. Chang (2025) provides further evidence from
education, showing that generative Al strengthens cooperation, self-directed learning, and
motivation.

Applied to organizational settings, these findings suggest that Al can likewise reinforce team
learning, creativity, and adaptive leadership. Meanwhile, Braojos et al. (2024) demonstrate that
digital transformation succeeds when leadership and learning mediate the relationship between
technology and human commitment. Collectively, these studies affirm that AI’s impact is both
cultural and developmental—demanding intentional stewardship to align human values with
technological evolution.

The convergence of human and artificial intelligences marks a new epoch in organizational
culture—one defined by symbiotic cognition and distributed creativity. As Islami and Mulolli
(2024) emphasize, management functions are no longer purely human but hybrid, requiring
mutual adaptation between human judgment and Al analytics. Complementarily, Grilli and
Pedota (2023) remind us that creativity itself becomes a shared process—a continuous dialogue
between human imagination and machine learning. Together, these perspectives affirm that the
future of Organizational Development depends on cultivating hybrid intelligence—a synthesis
of ethical reflection, creative exploration, and technological augmentation that drives
sustainable cultural evolution.
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